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I. INTRODUCTION
A perennial concern expressed both by academics and by policymakers has been the tendency for newly arriving immigrants to locate in neighbourhoods that already have substantial immigrant populations. There appears to be a general view that this can be an unfortunate outcome both for the immigrant community and for society more generally. The former are presumed to suffer because such segregation tends to discourage the assimilation of immigrants into the socio-economic fabric of the host country. Society is presumed to suffer because such communities become cut-off from the rest, which risks increased alienation.
In the United States, the evidence shows that immigrant segregation actually declined in the first part of the twentieth century, but has been rising significantly over the past few decades (Cutler, Glaeser and Vigdor, 2008a) . The first contribution of this paper is to provide evidence on the pattern of immigrant segregation in England over the past few decades. Such an analysis has not to our knowledge been conducted before. In contrast to the US, we find a modest decline in segregation since 1971, both in aggregate and within particular immigrant groups. However, we also show that the rise in the number of immigrants that have arrived in the last few decades has generated an increase in the number of neighbourhoods that have high immigrant shares -the so-called enclaves. Increasing fractions of immigrants live in these enclaves.
What of the alleged impact of such immigrant segregation on individual outcomes such as earnings and employment? This question has received extensive attention in recent years. Cutler, Glaeser and Vigdor (2008b) discuss evidence on this and highlight endogenous selection into neighbourhoods. Using instrumental variable estimation methods to circumvent this, they conclude that there is negative selection into immigrant neighbourhoods which obscures an overall positive impact of ethnic concentration on immigrant outcomes.
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More recently, attempts have been made to identify the impact of immigrant segregation on economic outcomes using quasi-experimental evidence. Both Edin, Fredriksson and Aslund (2003) and Damm (2009) exploit a dispersal policy used to allocate refugees in Scandinavian countries to try to avoid the problem of self-selection of migrants into certain areas. They find strong evidence that refugees with unfavourable unobserved characteristics self-select into areas with higher immigrant shares. Instrumental variable estimates suggest that, after controlling for such self-selection, there is a substantial positive impact on immigrant wages from living in such areas.
The outcomes that have been considered thus far in the economics literature tend to be focused on the labour market (e.g. wages and employment) or on outcomes that directly affect performance in the labour market (e.g. language ability or educational attainment). To further the evidence base, this paper explores the consequences of immigrant residential segregation on an alternative outcome of key interest, namely crime. 1 There have, of course, been papers that explore the consequences of neighbourhoods on crime. Glaeser and Sacerdote (1999) examine why crime is higher in big cities, and Glaeser, Sacerdote and Scheinkman (1996) model the social interactions that occur between individuals that lead to cross-neighbourhood variances in crime rates. More closely related to this paper, Kling, Ludwig and Katz (2005) examine the impact of neighbourhood poverty levels on youth crime rates using a randomized experiment. Results show that young women benefit from relocating to lower-poverty areas, while the effect is more mixed for males. Earlier work by Case and Katz (1991) found that, in a sample of low-income Boston neighbourhoods, residence in a neighbourhood in which a large proportion of other youths were involved in crime was associated with a substantial increase in an individual's probability of being 3 involved in crime. However, none of these papers was focused on the link between immigrant segregation and crime.
Little empirical attention has been paid to the existence of potential non-linearities in the segregation-outcome research area. Most studies tend to use either the group share of the local population or a dissimilarity index to measure segregation. Even the quasi-experimental evidence that is claimed to be focused on enclaves in fact uses the log of the size of the ethnic group as the key explanatory variable and therefore imposes log-linearity on the estimated effect. This seems somewhat surprising since there are good reasons to think that such effects may be non-linear. Consider for example the idea that segregation is bad because it decreases the rate of host country skill acquisition (e.g. of language skills). Such effects may only become apparent in neighbourhoods with a sufficient concentration of immigrants. Low-level concentrations of immigrants may not reach a critical mass that allows migrants to isolate themselves in this way.
This paper is structured as follows. In the next section, we use four decades of UK census data to illustrate the scale of changes in immigrant residential segregation. We find evidence of a small decline in average segregation for immigrants, but a concomitant rise in the share of immigrants who live in high-density immigrant neighbourhoods. Section III presents our key empirical findings. Using recorded crime data and self-reported crime victimization data, we report a strong negative link between living in areas with high immigrant populations and crime. For more de-segregated areas, we find no such link. Such effects are observed for both natives and immigrants. In Section IV, we discuss possible interpretations of this result and provide some suggestive survey evidence that speaks to the relevance of these interpretations. Our conclusions are given in Section V.
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II. IMMIGRANT NEIGHBOURHOODS OVER TIME
In this section, we provide evidence on the evolution of immigrant neighbourhood segregation over time in England, drawing on data on English areas in the UK census. Our first goal is to use these data to provide a picture of the extent and change in immigrant segregation across England. There is an extensive US literature on the evolution of both ethnic and immigrant segregation over time (see Vigdor (1999, 2008a Thus, a particular immigrant community is a group of immigrants from the same country-ofbirth group within the same local authority.
The dissimilarity index is calculated by dividing the local authority into neighbourhoods (wards in our case), indexed i, and using the formula:
where ‫ݑݎ݃‬ denotes the number of relevant immigrant group members living in ward 6 constant proportion of group members and 1 when group members never share neighbourhoods with non-group members. Clearly, such a measure will not be independent of the number of neighbourhoods within the local area, which highlights the need for a consistent set of neighbourhoods over time to allow inference on the trends in segregation.
The isolation index measures the degree of exposure that immigrants have to other members of the same group, correcting for the fact that groups forming a larger share of the population have naturally higher exposure rates. This index is given by: Cutler et al (2008a) show that over the same period, their dissimilarity index rose from 0.463 to 0.560. One further point deserves mention. In all the calculations in Table 1 , we weight the data by the number of immigrants in the area. Thus, the indices measure segregation from the perspective of the average immigrant. This is the standard approach in this literature. If however we weighted by the total population in the area, we would see a smaller decline in the dissimilarity index.
The decline in immigrant segregation has occurred across all the country-of-birth groups that we can consistently identify. One might reasonably be worried that the picture of declining segregation is a result of the use of particular artificial neighbourhoods imposed on us by the need to maintain consistency across censuses. Alternatively, perhaps that the level of aggregation that we have used gives a distorted view of reality. To address these concerns we re-estimated dissimilarity and isolation indices for alternative neighbourhood definitions. While these are not consistent across censuses, they allow us to examine the importance of neighbourhood size and whether the overall trend decline in segregation would be picked up without using the consistent ward data. Appendix Table 1 reports the results. For comparability, we always include the estimates from the 1981 ward geography that were reported in Table 1 . For 1971 For , 1981 we can estimate the indices using enumeration districts as the neighbourhood. This increases the number of neighbourhoods by a factor of ten and unsurprisingly the final two columns of Table A1 show that this leads to much higher levels of dissimilarity and isolation.
So for example, in 1981, the dissimilarity index is 0.214 using the ward-level data but rises to 0.286 using the ED-level data. However, the modest trend decline is still clear. Thus, the decline in segregation that we observe cannot be plausibly explained by measurement issues. Indices of segregation such as those considered above are useful descriptors of the average, but they fail to adequately account for the variation in segregation across areas. Most importantly, it is possible to have both a decline in overall segregation and a rise in the proportion of neighbourhoods that have become increasingly segregated. All that is needed is for the more even distribution of immigrants in the neighbourhoods that are not heavily segregated to outweigh the effects of the more segregated neighbourhoods. We now show that this is indeed what has happened in England over the last thirty years. The definition of an immigrant enclave we adopt here is a neighbourhood with at least 30% immigrant population (see the darkest shaded areas of Figure 2 ). It should be noted that there is no commonly accepted definition of an enclave. In their paper on Swedish immigrant enclaves, Edin et al (2003) define enclaves for specific nationalities when their share in the neighbourhood population is at least twice as high as their share in the overall population. In our context since immigrants account for almost 9% of the population, we might define an enclave as being a neighbourhood with at 18% immigrant share on this definition. As we will show in the next section, nothing crucial hangs on the exact cut-off point we use.
Unsurprisingly, these immigrant enclaves rarely revert back to the average. From one census to the next, less than one-in-ten of those wards with initially more than 30% Thus while enclave formation is more complicated than simply being a function of large initial immigrant shares and increased immigration, the changes we have observed since 1971 are largely the result of rising immigration and persistence in location choice.
III. MAIN RESULTS
Our key conclusion from the analysis of neighbourhood data is that, while segregation in England as a whole has modestly declined over the last few decades, there has been a sharp increase in the number of enclaves and in the share of the population who live in such neighbourhoods. In this section, we test whether such neighbourhoods matter in terms of a key socio-economic outcome -crime.
To study connections between crime and immigrant enclaves, we require data at a low-level of geography. In general, such data have not been historically available in England. into four crime groups -violence, criminal damage, burglary and theft. This data was then converted into crime rates and then combined by factor analysis to generate a single index of recorded crime for each LSOA. 6 The strength of this data is that it is made up from over 5,000,000 individual crime reports and thus provides large sample sizes even for such lowlevel geographies. The disadvantage is that the data is only provided as a crime score so we cannot examine differential effects across crime types. Figure 3 shows the distribution of these crime scores across LSOAs in England, split down by score quintiles (with the lightest shading denoting the lowest crime quintile, through to the darkest shading denoting the highest crime quintile).
Our second source of data is the British Crime Survey (BCS To check that the crime index is correctly measuring recorded crime, we calculated the average crime index across all LSOAs in the same local authority and correlated this with published recorded crime rates for local authorities. The population-weighted correlation was 0.91.
we observe few individuals in any one LSOA. Second, the crime measure we use from the BCS is self-reported victimisation (both violent and non-violent). The willingness to report such victimisation may itself vary by immigrant status.
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A natural first question is whether the enclaves are different from other areas, both in terms of crime and other socio-economic characteristics? To shed light on this, Table 3 reports various outcome measures for LSOAs, broken into categories on the basis of immigrant share in the local population. The distribution of all LSOAs by immigrant share is shown in Figure 1 . The components of the indices of deprivation are defined such that a larger number indicates a more negative outcome. Therefore, for crime, immigrant enclaves have substantially higher rates than those neighbourhoods with lower immigrant shares. This poor outcome for enclaves is generally true across the various measures, suggesting that such neighbourhoods are relatively deprived.
Unsurprisingly, the share of Black and Asian people rises as we move to more immigrant-dense areas. For England as a whole, 50.4% of the Black population are immigrants and 52.8% of the Asian population. This compares with only 5.2% of the white population. This raises a tricky issue. In practice it will be difficult to separately identify the role of ethnicity and immigration in analysing the enclaves. We know from Table 3 that 2,504 LSOAs have more than 30% immigrant population. If instead we calculated the number of LSOAs that had more than a 30% non-white population, we would get 2,986.
Two-thirds of these non-white enclaves are also immigrant enclaves, with the remaining onethird are all in the 10-30% immigrant-density group. Thus when we talk of immigrant enclaves it is important to understand that these are generally ethnic enclaves as well.
Of course the same applies to recorded crime. If immigrants disproportionately fail to report crime this will bias inference. In the individual-level regressions we can directly control for immigrant status to remove the average difference in victimisation and self-reporting propensities.
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In Table 4 we show results from when we regress the crime score in each LSOA on indicators of immigrant density and other controls. We pool the three years of crime scores (2004, 2007 and 2010) together and include year dummies. 8 In all results we also include a full set of local authority dummies so that we are identifying the effects within local authorities. In the first column we just include the immigrant density indicators. There is a clear and significant rise in crime as we move to areas with a higher immigrant population. This is no real surprise since we know from Table 3 that these areas have more social and economic problems that are known to be associated with higher crime rates.
In the second column of the Table, we control for an extensive set of LSOA-level controls. These include the other components of the indices of deprivation and a set of sociodemographic controls from the 2001 census data, including age, education and housing types and population density. With these controls included, we see a significantly different pattern of crime across immigrant neighbourhoods. Low-levels of immigrant population in an area are now associated with somewhat higher crime rates (relative to areas with very low immigrant shares). In contrast, crime is lower in the enclaves. Indeed crime in the enclaves is significantly lower both in areas with average immigrant shares and in areas that have almost no immigrants.
In the third column we also include a set of non-white neighbourhood share effects.
We commented above on the close correlation between immigrant and non-white neighbourhoods in England. The results suggest that the positive effect of low-level immigration on crime disappears when we control for racial composition of the neighbourhood, but the enclave effect remains strong and significant.
8 Our results are robust if we estimate the cross-sections separately and average the coefficients.
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In the final column, we allow for cross-neighbourhood effects. It seems unlikely that the definition of neighbourhood used in this, or any other, paper perfectly matches the relevant neighbourhood from the perspective of the outcome variable. Criminals can cross artificial neighbourhood boundaries to commit crime and individuals can be victims of crime outside their residential neighbourhood. Since our neighbourhoods have an average population of only 1,500, we might expect a wider measure of the neighbourhood to matter.
To examine this issue, we first calculate the population-weighted centroid of each LSOA. We then determine the five closest LSOAs and compute the average immigrant density in this neighbouring area.We include this average area density in addition to the LSOA neighbourhood share dummies. 9 There is a marginally significant negative effect from area immigrant densities on neighbourhood crime, but the neighbourhood enclave also remains significantly negative. This suggests that the overall effect of enclaves on crime is a combination of the neighbourhood effect and spillovers from the area effect.
The models estimated in Table 4 (and those to come) all use group dummy variables to indicate the share of immigrants in the local population. Whilst this allows for a non-linear relationship, it does not exploit the full cross-sectional variation in the immigrant share and could be missing important features of the immigrant share-crime link. To examine this in more detail, we re-estimated the columns 2 and 3 specifications of Table 4 replacing the grouped dummies with individual percentile dummies. We then fitted a local polynomial to these percentile estimates to provide a graphical illustration of the variation in the crime score due to immigrant share. Figures 4A and 4B show the result, with 95% confidence bands. The relationship is very clearly non-linear, and significantly negative only when we reach neighbourhoods with more than around 30% immigrant share. Thus our focus on enclaves as areas with more than a 30% share seems appropriate.
In Table 5 we switch to the BCS data and estimate models of crime victimisation at the individual level. One simple explanation of the results in Table 4 could be that the probability of reporting a crime varies by immigrant concentration and that this is the effect we are capturing. It is difficult to see why this would generate the non-linear pattern we observe in Figures 4A and 4B , but it could certainly help to explain the lower crime rates in the enclaves. Fortunately, the BCS data allow us to model all crimes, not just those that are reported. The results control for both LSOA-level effects, using the same set of controls as in Table 4 , and also individual level demographics. Most importantly, we control for region of birth so we allow different immigrant groups to have different crime experiences and reporting propensities. Comparing results with and without controls shows that we generally improve the precision of the immigrant neighbourhood effect estimates by controlling for other factors. Immigrants in general appear to be less likely to report being victims of crime.
Controlling for this, we again find significant beneficial effects of immigrant enclaves on crime victimisation. We find no such effects for lower levels of immigrant concentrationhighlighting again the non-linear nature of the relationship. When we include area immigrant density, the neighbourhood enclave becomes marginally less significant, but of roughly the same order of magnitude.
Are all crime types lower in the immigrant enclaves? To explore this, It is natural to wonder whether these enclave effects are experienced only by immigrants or whether natives living in enclaves also benefit from reduced crime. To examine this, Table 7 shows BCS results from interacting the immigrant share dummies with an individual-level immigrant indicator. Thus we allow for differential neighbourhood effects for natives and immigrants, while controlling for all the other characteristics of the neighbourhood and individual. Interestingly, the evidence seems to suggest that both natives and immigrants benefit from the enclave effect. Immigrants experience more of a reduction in non-violent crime than natives -though even natives see a significant fall in non-violent crime. These results are important since it could be argued that immigrants in enclaves have higher propensities to deny being victims of crime due to social pressures. It is hard to see why natives would feel the same pressure, and yet they also experience beneficial effects.
Thus far, we have treated the immigrant density in a neighbourhood as being exogenous. There is a vast literature that focuses on the likely sorting of individuals across neighbourhoods that would violate such an assumption. The standard approach is then to instrument immigrant density with a constructed variable that attempts to capture the exogenous variation in that density across neighbourhoods. We have therefore computed the standard instrument used in the immigration literature that exploits the fact that immigrants from particular nationalities tend to exhibit strong persistence in their location choices based on prior immigrant settlement of the same nationality (an argument dating back to Altonji and Card, 1991) . 10 The instrument is then the predicted change in the share of immigrants in a neighbourhood, computed by using the initial distribution of migrants across neighbourhoods in the local authority (by nationality) interacted with the national inflow of immigrants by nationality. Thus it is assumed that new immigrants flow to neighbourhoods in proportion to the previous stock of immigrants of the same nationality in the neighbourhood.
One practical difficulty we face in implementing this instrument is that the definition Unfortunately, the instrument is not designed to predict enclaves alone. We will have more to say on this identification issue in the next section. For the present, we estimate three alternative models. All the models use the specification given in Column (3) of Table 4 . First, we simply replace the immigrant share dummies we have used so far with the continuous measure of immigrant share. Second, we also include a squared immigrant share term. Third, since only the immigrant enclave dummy was significant in Table 4 , we include this dummy but omit the other immigrant share dummies. We instrument using the predicted change in the immigrant share (and its square when we have the two endogenous regressors).
The first three columns of Table 8 report the OLS results of for the alternative specifications, while the IV estimates are given in the final three columns. The OLS estimates show a negative effect of immigrant share on crime, driven by the negative effects in the on the assumption that individuals sort into areas partly based on their occupation. The results are very similar to those reported using the alternative instrument and are available upon request.
enclaves. If we allow for a quadratic, we obtain negative coefficientson both terms, though neither is significant. 11 Finally, if we only include the immigrant enclave dummy, we recover almost the identical coefficient as in Table 4 . The IV estimates show that for the first two specifications, the pattern is broadly similar and the quadratic term becomes significantly negative. Interestingly when we use the predicted change in the immigrant share as an instrument for the enclave dummy, the instrument appears to retain significant power, with a first stage F-statistic of over 200. The IV estimate is significantly negative and twice as large as the OLS estimates, suggesting even stronger negative effects of enclaves on crime.
IV. INTERPRETATION OF THE ENCLAVE EFFECT
Our results from the previous section suggest there to be a beneficial effect on crime from living in an immigrant enclave. This effect cannot be ascribed simply to the idea that immigrants are less likely to commit crime than natives. (Reiss, 1980) . A model of crime and social interactions is developed by Glaeser, Sacerdote and Scheinkman (1996) There are various other models that can generate multiple equilibria in crime rates within neighbourhoods. Suppose for example that the law-abiding within a neighbourhood directly monitor criminals (e.g. via neighbourhood watch schemes). Then as the number of law-abiding citizens rises within a neighbourhood, crime detection rates rise and the returns to crime fall. Alternatively, if there is a stigma attached to criminal behaviour, then as the number of criminals in a neighbourhood rises, the average criminal becomes a "normal" member of the society, stigma falls and more crime is committed.
We can provide some suggestive evidence on these explanations by examining survey data. We use both the BCS and the recently introduced Understanding Society survey. 12 At present the only available data for this latter survey is the 2009 cross-section, though over time this will become a panel. Crucially however, the cross-section identifies the LSOA of the individual respondent so that we can link the responses to the same neighbourhoods as used in the previous section. We focus here on two questions. First, we look at measures of social interaction that try to capture the extent of trust and cooperation within a neighbourhood. Is there are any evidence that immigrant enclaves differ from more mixed neighbourhoods along these dimensions? Second, we examine some behavioural measures of individuals to see whether those who live in enclaves appear different along such observable dimensions. This is not to claim that such measures are causally related to criminal behaviour, but rather to investigate whether there appear significant differences in individuals across neighbourhoods that may indicate sorting.
To capture social interactions, we consider the following measures: (1) "Friendships in my neighbourhood mean a lot to me" (Friends), (2) "I borrow things and exchange favours with my neighbours" (Favours) and (3) "I regularly stop and talk with people in my neighbourhood" (Talk). For behaviours we look at two measures: (1) "Do you belong to a religion?" (Religion) and (2) "Do you ever visit a public house?" (Alcohol). For social interactions, respondents are asked to answer 1-5 for each question, with 1 being strongly agree and 5 being strongly disagree. We estimate ordered probit models for each response and allow for an extensive set of individual controls. For the behaviours, the responses are yes/no so we estimate binary probit models. Our interest here is in whether there are observable differences in responses across neighbourhoods with different immigrant concentrations. Table 9 shows the results for each of the measures. We find no evidence that immigrant enclaves have more powerful social interactions. Indeed at the margin, people who live in enclaves report that friends in the neighbourhood are somewhat less important to them than those living in less immigrant-dense neighbourhoods. There is no evidence that they are more likely to exchange favours and talk to their neighbours. Two caveats are important here.
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First, we ideally would focus on the at-risk group who are likely to be potential criminals i.e. mainly young males, and examine their social interactions. Unfortunately sample size precludes such an exercise. Second, it is difficult to know whether the measures we use are truly capturing the social interactions we are interested in.
Turning to measures of individual behaviour, we find much stronger effects.
Individuals living in immigrant enclaves are much more likely to be a member of a religion than those living in more mixed neighbourhoods. In addition, they are much less likely to visit public houses. Here the effect builds as we move across immigrant neighbourhoods rather than occurring solely in the enclaves, but is stronger in the enclaves than elsewhere.
Recall that all these models control for region of birth, so these results cannot be explained simply as a result of immigrants being more religious and less likely to consume alcohol. It would appear that there is significant sorting across neighbourhoods on individual behaviours.
Of course none of the evidence presented here can definitively distinguish between alternative explanations of the enclave-crime relationship we observe in the data. Our aim has rather been to highlight some potentially channels through which we might explain the observed correlation and see whether some simple measures provide support. The growth of the immigrant enclave is a reasonably new phenomenon in the UK and has received little attention in the economics literature. It is an area for future research to understand more fully what is going on in these high-density immigrant areas, and the implications of such areas both for crime and other socio-economic outcomes.
V. CONCLUSIONS
The impact of immigrant neighbourhoods on socio-economic outcomes of both immigrant and natives has been a topic of intense debate among economists and other social scientists. A key feature of this work has been the tendency of migrants to locate in the same There is nothing particularly mysterious about this development. The stock of immigrants rose by 57% over this period. If the increase was distributed across neighbourhoods in exact proportion to the initial distribution of immigrants, the proportion in enclaves would have been 32%. By contrast, if the increase had been distributed randomly, the share would have been 17%. Therefore, the tendency for immigrants to locate in areas of prior-immigrant settlement, combined with a large increase in the number of immigrants, has generated this increase in the importance of enclaves. However, this is not just an issue for immigrants. In 1971, just over 700,000 natives lived in immigrant enclaves (1.7% of the native population). By 2001, this had risen to 2.3m (5.2% of the native population). If there are immigrant neighbourhood effects on outcome variables such as crime, the policy relevance of such effects has increased by an order of magnitude as a result of the population changes over the last few decades.
We find strong and consistent evidence that enclaves have lower crime experiences than otherwise observably similar neighbourhoods that have a lower immigrant share of the population. This effect appears to be significant when we reach somewhere between 20-30% immigrant share and is observed whether we use recorded crime data or self-reported crime victimisation data. The effect is present for both natives and immigrants, though it appears somewhat larger for immigrants. In terms of disaggregated crime types, the effect is coming 24 through the more minor crime categories such as car theft and vandalism rather than more serious crimes such as violence, robbery and burglary.
There are a number of key questions that remain for future research and we choose to highlight two. First, how can one identify the causal effect of immigrant neighbourhoods on crime? To do so, we would need an equivalent of the Moving to Opportunity experiment used to identify the causal effect of poor neighbourhoods on crime (Kling et al, 2005 Note: Standard errors are clustered at the local authority level. Additional LSOA-level controls included (but not reported here) are education and training deprivation score, barriers to housing score, living environment score, 10 to 15 year olds share, no qualifications share, degree and above share, houses share, flat share, shared dwelling share, communal areas present, one family dwelling share, and other family dwelling share. Regressions are weighted by the population in the LSOA and include year dummies. * and ** denote significance at the10 % and 5% level respectively. Note: Standard errors are clustered at the local authority level. The regressions also include the full set of LSOA-level controls used in Table  4 and dummies for inner-city and living on a housing estate. Regressions are weighted by BCS sample weights and include year dummies. * and ** denote significance at the 10% and 5% level respectively. Note: Standard errors are clustered at the local authority level. The regressions also include the full set of LSOA-level controls used in Table  4and dummies for inner-city and living on a housing estate. Regressions are weighted by BCS sample weights and included year dummies. Vehicle includes any vehicle related crime and robbery consists only of theft from a person. The vehicle regression also controls for vehicle ownership. * and ** denote significance at the 10% and 5% level, respectively. _________________________________________________________________________________________ Note: Standard errors are clustered at the local authority level. The regressions also include the full set of LSOA-level controls used in Table  4 . Regressions are weighted by BCS sample weights and include year dummies. * and ** denote significance at the10 % and 5% level respectively. Notes: Standard errors are clustered at the local authority level. Columns (1)- (3) use data from the Understanding Society survey and are ordered probits (with higher outcomes representing less agreement). Columns (4) and (5) use data from the British Crime Survey and are 0/1 probits. All regressions are weighted and include year dummies and the LSOA controls used in Table 4 . * and ** denote significance at the10 % and 5% level respectively.
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Figure 1 Note: Dissimilarity and Isolation indices are weighted by the number of immigrants residing in the community. Enclaves are defined as those neighbourhoods with more than 30% of the population being immigrant.
